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Development and application of intelligent logging interpretation system
based on big data
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Abstract: Artificial intelligence technology has been used in well logging interpretation for a long time, but there are more researches on
single interpretation method and less on application of system integration. Nowadays, the large-scale application of cloud computing, big data
and artificial intelligence technology has promoted the intelligent development of logging interpretation once again. Based on the data lake of
multidisciplinary data fusion, the intelligent interpretation module is developed in the logging interpretation software. That is, the intelligent
logging interpretation method is introduced into the traditional interpretation process to assist logging analysts to quickly mine the hidden
high-value information. Big data governance tools are used to connect the data lake to the intelligent model, so that the big data and intelligent
algorithm are integrated. The system integrates intelligent interpretation model based on big data with traditional professional software and
builds an intelligent logging interpretation environment based on geological map navigation to realize the intelligent logging interpretation
working mode under the background of geology and reservoir integration, strengthen the ability of complex reservoir evaluation, and improve

the working efficiency.
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Fig.1 Architecture of intelligent logging interpretation system based on big data
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Fig.2 Diagram of big data governance process
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Fig.3 Comparison of oil—water identification between support vector machine classification principle and

conventional cross plot method
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Fig.4 Fluid identification chart and decision boundary
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